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Convolutional neural network target tracking based on sparse subspace
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Abstract: Aiming at the data processing situation of initialization and weight degradation in particle filter
target tracking process, a particle tracking algorithm based on sparse subspace was proposed in the particle
filter framework. Based on bionics, sparse subspace and convolution neural network were introduced in the
target tracking process. Firstly, the candidate regions with high similarity with the target state was selected by
the sparse subspace model, which can reduce the redundancy calculation and reduce the complexity of the
tracking. Then, the output of the sparse subspace is used as the input of the convolution neural network, and the
convolutional neural network model was used to perform the target tracking data processing on the advantages
of image data processing. And finally, through the continuous updating of the tracking data to reduce the
impact of the apparent changes in the target. Compared with the current mainstream tracking method, the
experimental results show that the algorithm can deal with the problem of target occlusion, motion blur, optical
flow and scale change in target tracking, and improve the accuracy and data processing ability of the algorithm.
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